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While many developed countries are increasing their forest cover, deforestation is still rife in the 
tropics and subtropics. With international trade in forest-risk commodities on the rise, it is becoming 
increasingly important to consider between-country trade linkages in assessing the drivers of—and 
possible connections between—forest loss and gain across countries. Previous studies have shown 
that countries that have undergone a forest transition (and are now increasing their forest cover) tend 
to displace land use outside their borders. However, lack of comprehensive data on deforestation 
drivers imply that it has not been possible to ascertain whether this has accelerated forest loss in 
sourcing countries. To remedy this, we present a land-balance model that quantifies deforestation 
embodied in production of agricultural and forestry commodities at country level across the tropics 
and subtropics, subsequently tracing embodied deforestation to countries of apparent consumption 
using a physical, country-to-country trade model. We find that in the period 2005–2013, 62% (5.5 
Mha yr-1) of forest loss could be attributed to expanding commercial cropland, pastures and tree 
plantations. The commodity groups most commonly associated with deforestation were cattle meat, 
forestry products, oil palm, cereals and soybeans, though variation between countries and regions was 
large. A large (26%) and slightly increasing share of deforestation was attributed to international 
demand, the bulk of which (87%) was exported to countries that either exhibit decreasing 
deforestation rates or increasing forest cover (late- or post-forest transition countries), particularly in 
Europe and Asia (China, India, and Russia). About a third of the net forest gains in post-forest 
transition countries was in this way offset by imports of commodities causing deforestation elsewhere, 
suggesting that achieving a global forest transition will be substantially more challenging than 
achieving national or regional ones. 

KEYWORDS: deforestation, forest transition, agriculture, forestry, trade, forest conservation policy, 
land use 
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1. Introduction 
Deforestation is one of the largest sources of greenhouse-gas emissions [1] and causes other 
environmental impacts at local to regional scale, including the loss of habitats and associated species 
extinction risks [2]. However, deforestation trends vary significantly across the world. While forests 
are lost at a rate of about 10 Mha yr-1 across the tropics and subtropics [3], in many (primarily 
developed) countries, forest cover is increasing [4]. Recent years have brought attempts at halting 
deforestation, and some tropical countries, most notably Brazil, have seen declining deforestation 
rates. 

Recent international commitments are aiming to amplify these positive trends: the New York 
Declaration on Forests sets the goal of halving tropical deforestation; the United Nations’ Sustainable 
Development Goals (SDGs) calls for a complete halt to deforestation; and the Bonn Challenge aims 
for the restoration of 150 million hectares of cleared or degraded forests–all of this already by 2020. 
What these initiatives aim for is a rapid global forest transition.  

Forest transitions—denoting a process through which a region moves from net loss to net gain of 
forest area [5]—have occurred in many countries, driven primarily by economic development, 
creating off-farm employment that pulls labour away from the agricultural sector, and/or by forest 
scarcity, leading policy makers to respond to negative impacts from forest loss by re-establishing 
forests [6]. However, these processes—showing large variations across countries and regions—are by 
no means inevitable or universal [7] and with land use across the world becoming increasingly 
integrated via international trade [8], trends in forest loss and gain can no longer simply be explained 
by national dynamics, but are rather the result of complex drivers across scales, from local to global 
[9]. Pfaff & Walker [10] argue that local forest transitions may be facilitated by forest loss shifting to 
other regions, through increased imports of forestry and/or agricultural products. They illustrate this 
with the historic forest transition in the North-eastern United States (U.S.), which in part was made 
possible through increase imports of food and timber from other parts of the U.S. Along similar lines 
Meyfroidt et al. [11, 12] and Kastner et al. [13] show that many countries in both the tropics and non-
tropics that have undergone a forest transition simultaneously increased imports of land use (and 
carbon) embodied in forestry and agricultural commodities. 

However, while these studies show that forest transition countries tend to displace land use outside 
their borders, they have not established whether this has caused increased deforestation in sourcing 
countries. The net effect of these forest transitions on global forest area therefore remains an open 
question. The main reason for this is the lack of comprehensive data on deforestation drivers, making 
it impossible to estimate deforestation embodied in global agricultural and forestry commodity trade. 
While some recent studies have linked deforestation to agricultural and forestry commodity 
production and trade [14-16], the coverage of these studies—spatially and in terms of commodities 
covered—has been limited, not allowing for a full understanding of the links between forest 
transitions, trade and net change in forest area. 

Here, we aim to shed some light on the question of to what extent countries with net forest gain, or 
with declining rates of deforestation, are importing commodities that have caused deforestation 
elsewhere. We do this, first by presenting a model that quantifies to what extent agricultural 
commodities and tree plantations are associated with deforestation and, second, by linking this data to 
a global trade model to examine what role international trade in agricultural commodities has on 
redistributing pressures on forests. In doing so, we seek to answer the following questions: where and 
to what extent do different agricultural and forestry commodities contribute to deforestation? What 
proportion of these are destined to meet international versus domestic demand? Where are the 
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exported commodities consumed? And finally, to what extent have forest transitions, through 
reforestation and/or reduced deforestation, been enabled at the expense of deforestation elsewhere?   

2. Methods and data 
The method used for attributing deforestation to agricultural and forestry production, trade, and 
consumption, as well as the main data sources, are summarized in figure 1. Below we detail the main 
steps of the analysis—the land-balance model used for attributing deforestation first to major land-
uses and then to commodities, and the bilateral trade model used for tracing embodied deforestation to 
consumer countries—as well as the classification scheme used to assess flows of embodied 
deforestation between countries at different stages of the forest transition. 

 

Figure 1. Overview of the main steps of the analysis linking deforestation to agricultural and forestry 
production, trade, and consumption, as well as the main data sources used for the analysis. 
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2.1. Land-balance model 
We attribute observed forest loss to agricultural and forestry commodities using a simple land-balance 
model encompassing cropland, pastures, forest plantations and (indirectly) other land uses. The model 
is implemented at national level, except for Brazil and Indonesia, where it is implemented at 
subnational level in order to capture geographically divergent drivers of deforestation in the countries 
that both hold a large share of remaining tropical forests, but also account for a large share of tropical 
forest loss. The model is based on two main premises: (1) where cropland expands, it first expands 
into pastures (if there was a gross loss of pasture area) and then into forests (if there was gross forest 
loss), and (2) where pastures and forest plantation areas expand, they primarily replace forest land. 
While simple, these premises are consistent with data showing that forests and other native vegetation 
(such as woodlands and shrublands) are the main sources of new agricultural land in the tropics [17], 
that the expansion of forest plantations tend to come at the expense of natural forests [18-21], but also 
that (at least in the tropical Americas) pastures are a significant source of new cropland [17, 22]. We 
thus argue that the land-balance model captures the predominant deforestation-related land-use 
transitions across the tropics. 

More specifically, the land-balance model attributes forest loss in a given country or subnational 
region proportionally to the expansion of cropland (net of pasture loss), pasture and forest plantations, 
capped at total estimated forest loss in the region. Formally, observed forest loss, ∆𝐹𝐹𝑡𝑡, in a given year 
(t) is attributed to expanding cropland (∆𝐹𝐹𝐶𝐶𝐶𝐶,𝑡𝑡), permanent pastures �∆𝐹𝐹𝑃𝑃𝑃𝑃,𝑡𝑡� and forest plantations 
(∆𝐹𝐹𝐹𝐹𝐹𝐹,𝑡𝑡) in the following manner: 

∆𝐹𝐹𝐶𝐶𝐶𝐶,𝑡𝑡 = MIN �MAX[𝐶𝐶𝐶𝐶𝐶𝐶𝑡𝑡 − 𝐺𝐺𝐺𝐺𝐺𝐺𝑡𝑡; 0];∆𝐹𝐹𝑡𝑡 ∙
MAX[𝐶𝐶𝐶𝐶𝐶𝐶𝐿𝐿𝐿𝐿−𝐺𝐺𝐺𝐺𝐺𝐺𝑡𝑡;0]

MAX[𝐶𝐶𝐶𝐶𝐶𝐶𝑡𝑡−𝐺𝐺𝐺𝐺𝐺𝐺𝑡𝑡;0]+𝑃𝑃𝑃𝑃𝑃𝑃𝑡𝑡+𝐹𝐹𝐹𝐹𝐹𝐹𝑡𝑡
�, (1) 

∆𝐹𝐹𝑃𝑃𝑃𝑃,𝑡𝑡 = MIN �𝑃𝑃𝑃𝑃𝑃𝑃𝑡𝑡;∆𝐹𝐹𝑡𝑡 ∙
𝑃𝑃𝑃𝑃𝑃𝑃𝑡𝑡

MAX[𝐶𝐶𝐶𝐶𝐶𝐶𝑡𝑡−𝐺𝐺𝐺𝐺𝐺𝐺𝑡𝑡;0]+𝑃𝑃𝑃𝑃𝑃𝑃𝑡𝑡+𝐹𝐹𝐹𝐹𝐹𝐹𝑡𝑡
�,    (2) 

∆𝐹𝐹𝐹𝐹𝐹𝐹,𝑡𝑡 = MIN �𝐹𝐹𝐹𝐹𝐹𝐹𝑡𝑡;∆𝐹𝐹𝑡𝑡 ∙
𝐹𝐹𝐹𝐹𝐹𝐹𝑡𝑡

MAX[𝐶𝐶𝐶𝐶𝐶𝐶𝑡𝑡−𝐺𝐺𝐺𝐺𝐺𝐺𝑡𝑡;0]+𝑃𝑃𝑃𝑃𝑃𝑃𝑡𝑡+𝐹𝐹𝐹𝐹𝐹𝐹𝑡𝑡
�.    (3) 

Here 𝐺𝐺𝐺𝐺𝐺𝐺𝑡𝑡 denotes gross pasture loss and 𝐶𝐶𝐶𝐶𝐶𝐶𝑡𝑡, 𝑃𝑃𝑃𝑃𝑃𝑃𝑡𝑡 ,𝐹𝐹𝐹𝐹𝐹𝐹𝑡𝑡 the expansion of cropland, permanent 
pastures and forest plantations respectively (i.e., these variables are zero where these land classes are 
shrinking). 

2.2. Crop attribution model 
Forest loss attributed to cropland expansion (∆𝐹𝐹𝐶𝐶𝐶𝐶,𝑡𝑡),  is further allocated to individual crops or crop 
group aggregates (i), in relative proportion to their expansion in area (𝐶𝐶𝐶𝐶𝐶𝐶𝑖𝑖,𝑡𝑡) (e.g., if areas planted to 
soybeans account for half of the total cropland expansion in a country, half of the country’s cropland 
deforestation will be attributed to the country’s soybean production1), according to the following:  

∆𝐹𝐹𝐶𝐶𝐶𝐶,𝑖𝑖,𝑡𝑡 = ∆𝐹𝐹𝐶𝐶𝐶𝐶,𝑡𝑡 ∙ 𝐶𝐶𝐶𝐶𝐶𝐶𝑖𝑖,𝑡𝑡 ∑ 𝐶𝐶𝐶𝐶𝐶𝐶𝑖𝑖,𝑡𝑡𝑖𝑖⁄ .      (4) 

We attributed and tracked deforestation embodied in production and trade individually for the main 
forest-risk commodities—cattle meat, soybeans, palm oil and forestry products (from tree 

                                                      
1 Note that if total expansion of all crops and crop group aggregates is less than total cropland expansion, some 
deforestation attributed to cropland will be classified as unexplained; conversely, if the sum of expansion of all 
crops/crop groups is larger than total cropland expansion (e.g., due to increased multi-cropping, or if one crop is 
replaced for another, which can entail that the reduction in area of one crop “cancels out” the expansion of the 
other in terms of total cropland area change), total deforestation attributed is capped at the total amount 
attributed to cropland expansion.  
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plantations)—but group other crops into ten major crop categories, following FAO (the Food and 
Agriculture Organization of the United Nations): cereals (tracking rice separately, as this is a major 
crop in tropical regions), other oilseeds, pulses, roots and tubers, vegetables, fruits, tree nuts, fibre 
crops, and other crops (see table S1 for a full list of all crops included in each category). The latter 
category mainly includes typical tropical cash crops, such as tea, coffee, cacao and spices, as well as 
sugar cane.  

2.3. Deforestation footprint calculation 
Based on empirical evidence on time lags between forest clearing and establishment of soy in Brazil 
[23] and oil palm plantations in Southeast Asia [20], we chose to average changes in area of cropland, 
crop group, permanent pastures and tree plantations over the three years following the forest loss. 
Moreover, to account for that, while deforestation is a one-time event, the cleared land typically yields 
agricultural and forestry commodities over many years (for perennial and short rotation crops with a 
time-lag before the first harvest), the attributed deforestation was amortized over a number of years’ 
production [24]: i.e., the deforestation attributed to a given land use is spread equally over production 
from that land in T years following the deforestation event, which means that the total amount of 
deforestation embodied in production of a given commodity in a given year is calculated as the total 
deforestation attributed to the land use producing that commodity in the T previous years, divided by 
T (where T is the amortization time). Here, to get a longer time series, enabling us to analyse decadal 
trends, we use a relatively short amortization period of 5 years (results for 1 and 10 years amortization 
period are given in table S2 and figure S2, which shows that overall the difference between 5 and 10-
year amortization is small). 

2.4. Input data, country selection and limitations 
The forest loss data used was a spatially-explicit dataset over gross tree cover loss (based on remote-
sensing data at approximately 30-m resolution) updated from Hansen et al. [3]. This provided annual 
information on tree cover loss for the period 2001–2014. In these data, forests (pre-forest loss) are 
defined solely on the physical characteristics of the tree cover (i.e., land cover, rather than land use), 
based on the (year 2000) canopy cover prior to forest loss [3]; here we applied a minimum threshold 
of 25% canopy cover to define the forests. (Results for 10% and 75% canopy cover shown in the 
supplementary materials, see figures S3 and S4). Forest loss is subsequently defined as a complete 
loss of tree cover at the pixel scale [3]. 

The physical forest loss definition employed by Hansen et al. [3] includes loss of both natural forests 
and the harvesting of planted forests. Thus, we only present results for a subset of 156 primarily 
tropical and subtropical countries (figure S1), as this is where agriculture is primarily expanding into 
native vegetation [17]. We further excluded forest loss within tree plantations in Malaysia and 
Indonesia, where the Hansen et al. [3] data is known to include rotational clearing [25, 26] (further 
details in Supplementary methods).  

National level data on cropland and permanent pasture areas, as well as harvested area for the 12 
crops/crop groups, in 2000–2014, were taken from FAOSTAT [27]. We assume that pasture 
expansion into forests is primarily for extensive cattle grazing for meat production, in line with the 
approach of Opio et al. [28]. To estimate gross expansion of cropland and pasture, we add estimates 
of gross losses of grasslands (assumed to approximate pasture loss) and cropland from remote sensing 
data [29] to the net changes in area.  

Forest plantation area data at the national level were also from FAO [4]. An annual time series was 
created by interpolation of data available in 5-year intervals (2000, 2005, 2010, and 2015). For forest 
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plantation area we only assess net area changes, as there were no data on gross loss for this land-use 
class. 

Given that the approach for attributing forest loss to agricultural and forestry commodities employed 
here (Eq. 1–4) is non-spatial, it cannot differentiate between expansion of land uses directly into 
forests and expansion that pushes another land use into forests (often termed indirect land-use 
change). However, we take two steps that help identifying the direct deforestation drivers. First, by 
using estimates of gross cropland and pasture expansion in Eq. 1, we aim to capture the (in tropical 
America) common land use transition of cropland expanding into pastures, indirectly pushing cattle 
ranchers into forest frontiers, allocating forest loss to expanding pastures where this is occurring. 
Second, while indirect effects may occur at all spatial scales, the mixing of direct and indirect drivers 
is likely more prominent the larger the spatial unit at which Eq. 1–4 is evaluated (as spatial 
information is aggregated and lost). We therefore run the land-balance model at subnational level for 
Brazil and Indonesia, which together accounted for 40% of tropical forest loss in 2001–2014 [3]. 

For the subnational analysis of Brazil and Indonesia data on agricultural and forest plantation area 
were collated at microregion (n=558) and province (n=34) level, respectively. For Brazil, agricultural 
and forest plantation statistics were primarily taken from the Brazilian Institute of Geography and 
Statistics (IBGE) [30, 31] and the Brazilian Tree Industry (IBA and ABRAF) [32]. For Indonesia, 
data were taken from the Ministry of Agriculture [33] and the Ministry of Forestry [34].  

Our land-balance model does not cover some other land uses that also involve tropical deforestation, 
such as mining [35], expansion of urban settlements [36], and infrastructure [37]. However, the direct 
contribution of these land uses to deforestation is in most instances small, their major impact being 
indirect, through the opening up of forest to colonization or pushing other land uses into forests. We 
aim to capture such indirect land-use changes in our model, by using assessments of gross expansion 
of cropland and pastures. More importantly, however, our model does not capture forest clearing for 
timber without successive establishment of cropland, pastures or tree plantations. While timber 
extraction can be an important driver of deforestation and forest degradation in some countries, the 
lack of a clearly delineated land use following forest loss makes this driver difficult to quantify [14]. 
Our model may also insufficiently capture the role of small-scale and subsistence farming in 
deforestation, due to non-commercial production being excluded from many countries’ official 
agricultural statistics [38], something we test for in our analysis. 

2.5. Trade model 
After allocating deforestation to crops, cattle meat and forestry products, we used a physical trade 
model to assess the country-to-country trade flows of the embodied deforestation (for details on the 
physical trade model itself, see [8, 39]). The model is based on bilateral trade data as reported to 
FAOSTAT [27] for ~400 primary and processed agricultural and forestry products, as well as on 
production data for 130 crop commodities, 7 primary livestock products and industrial roundwood. 
Trade flows were considered for most countries in the world (figure S1). 

The products are tracked to the country where they are physically consumed as food or in industrial 
processes. Crop products used as livestock feed are traced through indirect trade in traded animal 
products. The model also accounts for multi-country supply chains and processing; for example, it 
includes trade in bread and pasta. Trade of highly-processed products, such as frozen pizzas, is 
excluded as this data is not available in FAOSTAT. To identify the production-to-consumption trade 
links, processed products were converted into physical units of primary commodity equivalents. To 
avoid double counting, we perform this conversion based on the carbon content of the products. This 
implies that each carbon molecule originating from a given primary product will get the same weight. 
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We cross-checked the resulting conversion factors with available information on typical conversion 
efficiencies for main agricultural products [40]. The trade data in primary equivalents were integrated 
with national level production data for the primary commodities. This enabled us to establish clear 
links between countries of production and countries of consumption, based on the crucial underlying 
assumption that exports and consumption are met proportionally by imports and domestic production. 
For a mathematical formulation of the trade model refer to Kastner et al. [39]. 

The physical units of the trade flows were then converted into embodied cropland (i.e., land use; 
based on crop yield data from FAOSTAT [27]) and embodied deforestation (based on the model 
described in section 2.1.) based on an assumption of proportionality (i.e., if X% of the production of 
soy in country A is consumed in country B, then X% of soy cropland and deforestation in country A 
is embodied in exports to country B). 

2.4. Country characteristics - forest transitions 
We categorised all countries into four classes2 intended to represent the main stages of a forest 
transition [5], following Hosonuma et al. [42]: countries exhibiting low deforestation rates are 
classified as pre- or post-transition depending on whether forest cover is high or low (or if net 
reforestation is occurring); countries with high deforestation rates are classified as early-transition if 
gross deforestation is increasing and remaining forest cover is not too low, and late-transition 
otherwise. We tested the decision algorithm for robustness and found that it was mainly sensitive to 
the threshold for high/low deforestation rate. After cross-checking the classification with literature [7, 
43], we decided to use a slightly lower threshold than Hosonuma et al. [42] (see figure 2(a) for an 
exact description of the final classification algorithm). We also manually adjusted the classification 
for a few post-transition countries that were not classified as such3 and excluded countries with less 
than 5% forest cover. 

For this classification, data on forest cover (2015) and net forest cover change (2005–2015) were 
taken from the FAO Global Forest Resources Assessment [4]. Trends in gross forest loss were 
estimated as annual averages (2005–2014) from a simple OLS regression on updated country-level 
forest loss data from Hansen et al. [3]. The number of countries in each stage, by region, and their 
main characteristics are summarized in table 1 and the full classification is shown in figure 2(b). 

                                                      
2 Note, though, that large countries might exhibit diverging regional trends in forest cover loss and regeneration 
that are not captured by this country-level classification [41].  
3 Estonia, South Korea, Portugal and Sweden [7]. 
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Figure 2. (a) Schematic representation of the forest transition, with the decision algorithm used to classify 
countries into four stages: pre-, early-, late-, and post-transition. FC = forest cover; ∆FC = net forest cover 
change; ∆GFL = trend in gross forest loss (deforestation). (b) Map showing countries classified into forest 
transition stages. Countries marked as “unclassified” are primarily those with a forest cover below 5%. 
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Table 1. Number of countries and main characteristics of forest transition stage groupings (see figure 2 and text 
for classification scheme), by region. Note that, as the data on gross forest loss does not distinguish between 
natural and planted forests, post-transition countries, while gaining forest area in total, exhibit large gross forest 
losses due to e.g., rotational felling in production forests.    

 No. 
Forest 
areaa 

Net forest 
changea 

Gross 
forest lossb 

  2015 2005–2015 2001–2014 
 Forest transition stage ( ) (Mha) (Mha yr-1) (Mha yr-1) 
1. Pre-transition 12 97 0.0 0.1 
Tropical Americas 6 41 0.0 0.0 
Tropical Africa, Middle East & Europe  2 22 0.0 0.0 
Tropical Asia & Pacific 4 34 0.0 0.1 
Non-tropics 0 0 0.0 0.0 
2. Early-transition 28 646 -3.4 3.2 
Tropical Americas 6 150 -0.9 0.8 
Tropical Africa, Middle East & Europe  15 362 -1.4 1.2 
Tropical Asia & Pacific 7 134 -1.1 1.2 
Non-tropics 0 0 0.0 0.0 
3. Late-transition 27 893 -4.7 4.2 
Tropical Americas 11 650 -2.7 3.6 
Tropical Africa, Middle East & Europe  11 109 -1.5 0.3 
Tropical Asia & Pacific 2 125 -0.3 0.3 
Non-tropics 3 8 -0.1 0.0 
4. Post-transition 105 2 305 4.7 8.2 
Tropical Americas 17 77 0.0 0.2 
Tropical Africa, Middle East & Europe  27 150 0.6 0.5 
Tropical Asia & Pacific 20 189 0.8 0.7 
Non-tropics 41 1889 3.3 6.7 
a FAO [4]. 
b Updated from Hansen et al. [3]. 

 

3. Results 
Below we present, in turn: the total amount of deforestation attributed to expanding cropland, pastures 
and forest plantations across the tropics and sub-tropics; the commodities most commonly implicated 
in forest loss across countries and regions; the role of domestic vs. export demand in driving forest 
loss; and the role of trade in shifting pressures on forests across countries at different forest transition 
stages. Results are generally presented as averages over the case study period (2005–2013), but where 
there are distinct and relevant temporal trends in the data these are discussed (temporal trends can also 
be explored in the full results dataset, available in the supplementary material). 

In total, between 2005 and 2013, our land-balance model attributed an average of 5.5 Mha yr-1 of 
forest loss across the tropics and sub-tropics (62% of the total) to expansion of the agricultural and 
forestry land uses included in this study. Unattributed forest loss averaged 3.4 Mha yr-1 (38%) and is 
likely due to a mix of causes, primarily logging and natural forest loss (e.g., forest fires)4.  

                                                      
4 We tested if the share of deforestation left unattributed was larger in countries with smaller forest clearing 
patches [44] or farm sizes [45], but found no support for such a relationship, indicating that smallholder clearing 
overall is well captured by our land-balance model (see supplementary material for details). 
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Overall, the attribution of embodied deforestation is heavily dominated by a handful of countries 
(figure 3): Brazil and Indonesia together accounted for almost half (44%) of the deforestation 
attributed to expanding cropland, pastures and tree plantations, followed by Argentina and Paraguay, 
that accounted for 7% and 4% respectively. All remaining countries each account for less than 3% of 
the total embodied deforestation.  

 

Figure 3. The commodities driving deforestation vary between continents (a) and countries (c). The proportion 
of embodied deforestation attributed to each of the commodities/commodity groups is shown for (a) continents 
and for (c) the 15 countries with the largest average forest loss 2005–2013. The total average forest loss per (b) 
continent and (d) country is broken down by broad land-use categories as well as the forest loss that remains 
unattributed in our land-balance model (“other”). The tropical and sub-tropical countries included in the forest 
loss attribution analysis, are shown in figure S1. 

3.1 Deforestation embodied in production – country and commodity variation 
Attributed forest loss was also dominated by a few commodities, with more than 40% of the 
embodied deforestation associated with expanding pastures for cattle meat production (2.2 Mha yr-1). 
Other commodities/commodity groups found to be associated with a large share of deforestation were 
forestry products (0.8 Mha yr-1), palm oil (0.4 Mha yr-1), other cereals (0.4 Mha yr-1) and soybeans 
(0.4 Mha yr-1), together accounting approximately for another 40% of total embodied deforestation.  

However, the commodities associated with forest loss vary greatly between countries and continents 
(figure 3): In Latin America, cattle meat accounted for more than 60% of the embodied deforestation, 
whereas in Asia-Pacific palm oil and forestry products each accounted for around a third of the 
embodied deforestation. In Africa, cattle meat contributed just over a quarter, and the remainder was a 
diverse mix of other cereals, roots & tubers, pulses and other oilseeds. But there is also large country 
variation within these broad regional trends: for example, in Brazil, cattle meat dominates (72%) the 
embodied deforestation, whereas in Argentina and Paraguay, it accounted for just under half, and 
soybeans accounted for around a third.  

Although traditional tropical export crops—such as rubber, sugar, coffee, cacao—overall contributed 
little (<5%) to deforestation embodied in production, they did make a larger contribution in a handful 
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of countries. An analysis of expansion of different cash crops showed that this was mainly due to 
rubber in Asian countries (Thailand, Vietnam, Indonesia), coffee and cacao in some African countries 
(Liberia, Uganda, Congo, Ethiopia, Cameroon, Madagascar), and coffee in some Latin American 
countries (Honduras, Ecuador, Peru) (table S4). 

3.2. Deforestation embodied in consumption - domestic versus international demand 
While deforestation was mainly driven by domestic demand, in total 26% of the embodied 
deforestation was embodied in exports. Again, there were large variations between countries and 
commodities (figures 4 and S8). Overall, in countries with—on average—larger farm [45] and forest 
loss patch [44] sizes, deforestation embodied in production was exported to a larger extent (table S3). 

 
Figure 4. The (a) share and (b) amount of deforestation embodied in production that was exported varied 
between countries in different forest transition stages and between commodities (see figure S8 for results by 
individual crop groups). Unclassified countries not shown as the amounts were very low. (a) Distribution of the 
share of deforestation attributed to exports for the countries within each forest transition stage. The number of 
countries in each group indicated by n (for each country there are 9 observed values, one for each year in 2005–
2013; countries were only included if they had deforestation attributed to the commodity group in question at 
some point during the time period). The violins’ lengths show the range of export shares, while the width 
indicates where most of the countries’ values lie. The median is shown with the horizontal black line within the 
violin, whereas the stars show the forest-loss area weighted average (i.e., the export share for the total 
deforestation in each the forest transition stage). The red horizontal line shows the area-weighted average for all 
countries. The median value for cattle meat (of all countries) was extremely low (near 0), with only 23 countries 
exporting more than 5% at some point between 2005 and 2013. This results in the thin lines (rather than visible 
violins) for cattle meat. (b) The amount of embodied deforestation in each category per forest-transition stage.  
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In total, the share of deforestation attributed to exports was greatest for crops (40%), with some—
palm oil, soybeans, tree nuts and other crops—primarily destined for export (63–77%). Palm oil and 
soybeans each accounted for just over a fifth of total deforestation embodied in trade. Deforestation 
for cattle meat, on the other hand, was primarily for domestic demand, with only 11% for exports in 
total. However, as such a large share of deforestation was attributed to expanding pastures, cattle meat 
still constituted 18% of the total deforestation embodied in exports.  

Deforestation embodied in palm oil, soybeans and other crops were primarily sourced from early-
transition countries and a few late- and post-transition countries. Cattle meat and soybeans were 
particularly exported from some late-transition countries with decreasing, but still high, deforestation 
rates (mainly Brazil, Argentina and Paraguay, but also a few other Latin American countries). There 
was also some deforestation attributed to export from a few post-transition countries (embodied in 
palm oil from Malaysia in particular, and e.g. forestry products from Vietnam) that maintained high 
gross forest loss rates even though the net forest area is stable or increasing. 

For the early-transition countries, a third of embodied deforestation was exported, but most of those 
exports (0.5 out of 0.6 Mha yr-1) originated from just two countries: Indonesia, with an export share of 
48%, and Paraguay, with an export share of 65%. In most other early-transition countries embodied 
deforestation primarily served domestic demand. For late- and post-transition countries, around a 
quarter of the total embodied deforestation was exported, though again there was a lot of variation 
between countries (between 0% and 78% for late-transition countries, and between 0 and 90% for 
post-transition countries). Amongst the pre-transition countries, only Papua New Guinea (with 24%–
50% range between years), exported more than 35% of its embodied deforestation. On the whole, a 
substantial share of total deforestation embodied in production was exported across the different 
forest-transition groups and, while there was no significant difference in export shares between the 
stages, there were large variations between the countries within them, with much of deforestation 
embodied in exports originating from comparatively few high-deforestation countries where foreign 
demand was particularly important. 

Similarly, although the total share of deforestation attributed to cropland being exported (40%) was 
twice the share of total cropland area embodied in exports (20%) (figure S6), this difference was 
mainly driven by a handful of countries: On the one hand, the high share of deforestation attributed to 
export can largely be explained by Indonesia, Brazil and Argentina, which together account for almost 
half (44%) of deforestation embodied in crop production, and export between 49 and 76% of this 
(table S5). On the other hand, the comparatively lower share of cropland attributed to exports is 
dominated by India, accounting for a quarter of total embodied cropland while only exporting 8% of 
this (table S6). Thus, there was no general tendency for countries to export a greater share of 
embodied deforestation than of embodied cropland (figure S10), but our results show that tropical 
countries with high deforestation rates dominate the exports of embodied deforestation. 

Looking at the total consumption-related deforestation, i.e., the imports plus the domestic 
consumption of embodied deforestation (calculated as the total production in the country minus any 
exports), the largest consumer countries were primarily those with much domestic deforestation. 
Brazil was – by far – the largest consumer of embodied deforestation, irrespective if total or per capita 
consumption were considered (figure S12). The rest of Latin America also had high levels of 
consumption. In Asia-Pacific, the largest consumer countries were Indonesia (primarily domestic), 
China (imports only) and India, although from a per-capita perspective only Indonesia lies in the 
higher end, while China and India have amongst the lowest per-capita consumption of embodied 
deforestation globally (1 m2 capita-1 yr-1). For Africa as a whole, the consumption of embodied 

Page 12 of 20AUTHOR SUBMITTED MANUSCRIPT - ERL-105994.R2

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60 A

cc
ep

te
d 

M
an

us
cr

ip
t



 

13 
 

deforestation was not negligible: in total, it was on par with that of Latin America excluding Brazil (1 
Mha yr-1), and per capita (9 m2 capita-1 yr-1) it was only surpassed by the Latin American countries 
and Indonesia. Russia, the European countries as well as the rest of Asia-Pacific had similar levels of 
per-capita consumption of embodied deforestation (6 m2 capita-1 yr-1), while the U.S. consumed less 
(2 m2 capita-1 yr-1). 

While the amount of deforestation embodied in production and trade fluctuated over the 2005–2013 
period (figures S5 and S6), it showed a slightly increasing temporal trend. The share of embodied 
deforestation attributed to exports particularly increased for early-transition countries overall (though 
with large variations for individual countries), and while the total amounts of embodied deforestation 
decreased in the second half of the time period, the exported amounts remained fairly constant. 
Embodied cropland did not see a corresponding increase in exported share, potentially indicating an 
increasing role of foreign demand for forest-risk commodities relative to other commodities.  

3.3. Deforestation displaced – trade and forest transitions 
The vast majority (79%) of the exported deforestation ends up being consumed in countries that are 
increasing their forest cover (post-transition countries). Late-transition countries consumed another 
8% of the internationally-traded deforestation. The largest export flows went from early- and late-
transition countries to post-transition countries (figure 5), and the exported deforestation from pre-
transition countries was primarily consumed in post-transition countries in Europe (figure S12a). 
 

 
Figure 5. Trade flows of deforestation embodied in domestic consumption and international trade aggregated by 
forest transition stage. The left hand side shows the area of deforestation embodied in production, while the right 
hand side shows the deforestation embodied in consumption. While most deforestation was embodied in 
production of agricultural and forestry commodities in early- and late-transition countries, most (79%) of 
deforestation embodied in export was consumed in post-transition countries. Unclassified countries consumed 
9% of deforestation attributed to export. 

A handful of countries accounted for a large part of the import and consumption of embodied 
deforestation. Of the top 10 importing countries—accounting for half of the imports—8 were post-
transition countries, with much of the imports consumed in Europe and Asia-Pacific (table S7). China, 
India, Russia and the U.S. were the four individual countries with the most imported deforestation, 
together accounting for about a third of the total imports.  
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With post-transition countries consuming most of the deforestation embodied in trade, the gains in 
forest cover in these countries have been partly offset by deforestation elsewhere (figure 6(a)). In 
many cases, deforestation embodied in imports actually exceed or is comparable to the net domestic 
forest-area gains by reforestation in the importing countries. For example, between 2010 and 2013 the 
United Kingdom imported 31 kha yr-1 embodied deforestation, exceeding the 17 kha yr-1 net increase 
in forests inside the country. For Malaysia, the 22 kha yr-1 imported deforestation also exceeded the 
14 kha yr-1 domestic net reforestation (which also conceals substantial gross loss of primary forests 
still happening in the country). For India the imports of deforestation offset 58% of the 178 kha yr-1 
reforestation gains.  

 
Figure 6. (a) For many (post-transition) countries with returning forest cover, the imports of embodied gross 
deforestation were comparable to, or exceeded, the area of forest gained by net reforestation (based on FAO 
FRA 2015). (b) Of the late-transition countries with decreasing trends in gross forest loss, ten increased imports 
of embodied deforestation (2010–2013 compared to 2005–2009), while ten (not shown) decreased imports. The 
diagonal lines mark the equilibrium between (increased) imports of embodied deforestation and reforestation (a) 
or decreased forest loss (b). 

In total, for all post-transition countries, a third of the net reforestation gains were offset by imports of 
embodied deforestation from elsewhere. If one looks specifically at the post-transition countries that 
have pledged to reforest cleared or degraded forest land under the Bonn Challenge, the share of 
current reforestation offset by imports of embodied deforestation was even slightly higher (36%), and 
while absolute deforestation embodied in imports was still small relative to committed reforestation 
targets, so was 2010–2015 net forest gain in these countries (table S8). This suggests that forest 
transitions in many cases have in part been enabled by not only importing land-demanding products 
from abroad, but also by displacing some of the deforestation, and concomitant environmental 
impacts, to other countries.  

For the 20 late-transition countries that decreased their gross forest loss 2005–2014, half (10) 
increased their imports of embodied deforestation (figure 6(b)), while the other half decreased their 
deforestation imports. Among the 10 countries which were increasing their imports, there were a few 
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countries where imports of embodied deforestation increased more than the reduction in deforestation 
(e.g., Zimbabwe, for which the trend in gross forest loss was 0.5 kha yr-1 while imports increased by 
2.7 kha yr-1), in total offsetting 24% of reduced deforestation. This offset decreases to 11% if the 10 
countries that reduced their imports of embodied deforestation are included. 

4. Discussion and conclusions  
Here we have presented a dataset quantifying the contribution of expanding agriculture and tree 
plantations to forest loss in the tropics and subtropics, and further followed these commodities and the 
embodied deforestation to countries of apparent consumption. The approach taken is by nature coarse, 
departing mainly from national level statistics, which implies that we cannot clearly separate direct 
and indirect drivers of deforestation (i.e., between land uses directly expanding on cleared forest land 
vs. those pushing other land uses into the forest). A case in point is Australia, where cattle ranching 
has been the main driver of forest loss [46], but where the aggregate reduction in pasture area across 
the continent implies that our land-balance model does not attribute deforestation to this land use, but 
instead to expanding forest plantations (see figure 3). This is a strong reason for running the land-
balance model at finer (i.e., subnational) geographical scale to better relate forest loss to actual land 
use dynamics. In this paper, the subnational level analysis done for Brazil and Indonesia provides an 
improvement over running the analysis at national level, by better attributing forest loss to the 
commodities that are expanding in the areas where forest loss occurred. For example, the subnational 
approach attributes more forest loss to soybeans in Brazil and less to rice in Indonesia, than would a 
national level approach (for details, see the supplementary materials). 

Despite the discussed limitations above, we judge the result presented here to be an improvement 
upon other recent studies assessing deforestation drivers across the tropics, such as Lawson [16] and 
Hosonuma et al. [42], both based on extrapolation of qualitative estimates of the share of deforestation 
attributed to agriculture from a subset of tropical countries. In comparison to these earlier studies, we 
attribute less forest loss to expanding cropland, pastures and forest plantations: just over 60% of total 
tropical forest loss in the period 2005–2013, compared to 70% of deforestation as suggested by 
Lawson [16] and 80% as suggested by Hosonuma et al. [42]. The total amount of deforestation 
attributed to pasture and cropland (4.5 Mha yr-1) is similar to estimates of commodity-driven 
deforestation (5 Mha yr-1) (defined as permanent conversion of forest and shrubland to agriculture, 
mining, or energy infrastructure, excluding shifting cultivation) by Curtis et al. [47], using a spatial 
forest loss classification model. 

The confidence in the results presented here is also strengthened by their agreement with more 
detailed studies (e.g., [48-52]) of deforestation drivers in specific countries and regions in the tropics 
(including for our sub-national analysis for Brazil and Indonesia). Also in line with previous work, 
our results show that comparatively few “forest-risk” commodities—primarily cattle meat, soybeans, 
palm oil and forestry products—are associated with a large share of the deforestation (these 
commodities account for 70% of the deforestation attributed to expanding agriculture and forestry 
products in our land-balance model). Our estimates of the amount of deforestation embodied in the 
production of these commodities in main forest loss countries in Latin America (Argentina, Bolivia, 
Brazil, and Paraguay) and Southeast Asia (Indonesia, Malaysia, and Papua New Guinea) agree 
reasonably well with the results presented by Henders et al. [14], who base their estimates of 
deforestation attribution primarily on remote-sensing analyses. The biggest difference is that we 
allocate less deforestation to expanding pastures in Brazil and Paraguay (but more in Argentina). 
Partly this may be explained by the Henders et al. [14] results in these cases being based on less 
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robust data5, but it might also suggest that we are instead attributing some deforestation to expanding 
cropland indirectly pushing cattle ranchers into the forest (despite trying to capture these dynamics in 
the land-balance model). 

With this pan-tropical dataset on deforestation drivers, we were able to assess changes in forest 
dynamics—as countries move along the forest transition curve—and relate them to imports of 
embodied deforestation. One striking key result is that post- and late-transition countries account for 
79% and 8%, respectively, of imports of deforestation embodied in trade. On average, these imports 
offset a third of recent forest gain on average in post-transition countries. For as many as 16 post-
transition countries, reforestation is more than offset by deforestation caused by imports.  

We find the numbers for the offsets of reforested area surprisingly high. They are in the same order of 
magnitude as those found by Meyfroidt et al. [12] analysing land use (which we would expect to be 
significantly lower than for land-use change) embodied in trade, as well as those of Kastner et al. [13], 
analysing carbon embodied in trade. However, these results are not directly comparable. For instance, 
the results presented by Meyfroidt and colleagues are based on net land-use displacement, entailing 
that land use embodied in imports to a large part is offset by exports, the amounts of which are often 
significant for many post-transition countries (which we also find – see figure S5). This is not the case 
to the same extent for embodied deforestation (net imports of deforestation in post-transition countries 
still offset a quarter of reforestation, i.e., only slightly less than the third offset considering gross 
imports).  

There might also be other reasons to why we find such high share of reforestation in post-transition 
countries being offset by imports of embodied deforestation. One is that we find that total 
deforestation embodied in production is exported to a greater extent than cropland area embodied in 
production, though this is mainly driven by differences from a few major agriculture-producing 
countries. Another reason might be the country selection: imports of embodied deforestation offset 
less—just under a fifth—of reforestation in the seven post-transition countries analysed by Meyfroidt 
et al. [12]. Finally, we study a more recent time period: we should expect forest gain in post-transition 
countries to saturate and level off6, while total land demand—if incomes continue to increase and 
diets shift towards more land-demanding products such as meat—can continue to increase, implying 
that the share of reforestation offset by deforestation embodied in consumption should be expected to 
increase over time. Indeed, that is also what Meyfroidt et al. [12] find for land use. We also know that 
exports of the main forest risk commodities from major deforestation countries have increased 
dramatically in the last decade [14]. 

Ideally, to evaluate the net effect of a local forest transition on global forest area, one should therefore 
integrate the net effect of local forest gain and forest loss embodied in imports over time. However, 
our short time series (and the fact that the forest transition in many post-transition countries pre-dates 
this time series) makes this impossible for this analysis. Additionally, an ideal analysis would 
consider not only the area of forests lost and gain, but also the relative impact of these on e.g., carbon 
stocks, water, biodiversity (which typically will be larger per hectare in tropical countries exhibiting 
forest loss than in temperate and boreal countries currently reforesting) and other environmental, 
social and economic factors [7]. 

                                                      
5 For Brazil, Henders et al. assume that 80% of deforestation is for expanding pastures, based on a study by 
Bustamante et al. [51] that attributes deforestation on municipal level based on pasture area (as share of total 
agricultural area), and not on pasture expansion. 
6 FAO data [4] do show net forest gain in post-transition countries increasing from the 1990s to 2005–10, but 
the decreasing substantially in the 2010–15 period. 
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Moreover, it is important to note that our analysis does not say anything about causality: i.e., while we 
find that a large share of reforestation in post-transition countries is offset by deforestation embodied 
in imports, we cannot conclude that these imports were caused by the increased domestic reforestation 
efforts (leakage proper [53]). The forest transitions literature typically makes a distinction between an 
economic development path to forest transitions (economic growth pulling labour out of agriculture, 
leading to abandonment of agricultural land and forest regeneration) and a forest scarcity path 
(reforestation occurring in response to extensive negative impact of forest loss) [6, 53]. Likely, the 
causality is different depending on the forest transition path: where the forest transition is prompted 
by forest scarcity, increased imports may be a way of facilitating a local or national forest transition 
(i.e., leakage), whereas for the economic development path, economic growth may be causing both 
reforestation and increased imports of forest risk commodities—beef, soy for feed, palm oil in 
processed products, coffee, tea, cacao, etc.—resulting from increased per capita incomes. Both these 
mechanisms may of course be at play simultaneously, and further research is needed to disentangle 
the relative strength of these different effects across countries [53].  

Understanding these mechanisms is of vital importance if we are to significantly scale up reforestation 
efforts globally—in line with the goals of the Bonn Challenge—without this simply resulting in a 
counteracting increase in trade of embodied deforestation. Our results clearly underscore the point 
made by Pfaff & Walker [10], that achieving a global forest transition will be substantially more 
challenging than achieving local or regional forest transitions, as we have nowhere to displace our 
increasing land demand globally. Meeting the double challenge set up by the New York Declaration 
on Forests, the SDGs and the Bonn Challenge, to halve and ultimately halt deforestation while 
simultaneously restoring degraded and cleared forests, thus necessitates an ability to monitor and 
mitigate displacement of deforestation as countries move along the forest transition curve. We hope 
that the data presented here can facilitate policy to that end, be it through private supply-chain 
sustainability initiatives [54], public forest conservation policy, or a mix of the two [55]. 

 

  

Page 17 of 20 AUTHOR SUBMITTED MANUSCRIPT - ERL-105994.R2

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60 A

cc
ep

te
d 

M
an

us
cr

ip
t



 

18 
 

Acknowledgements 
This work was funded through the PRINCE project (www.prince-project.se), supported by the 
Swedish Environmental Protection Agency and the Swedish Agency for Marine and Water 
Management under a Swedish Environmental Protection Agency research grant (Environmental 
Research Appropriation 1:5); FORMAS grant 213:2014-1181; Formas grant 2016-00351 under the 
project LEAKAGE; and support from the Gordon and Betty Moore Foundation through the 
Trase.earth program. 

References 
1. Baccini A, Walker W, Carvalho L, Farina M, Sulla-Menashe D, Houghton RA. Tropical 
forests are a net carbon source based on aboveground measurements of gain and loss. Science. 
2017;358(6360):230-4. 
2. Tracewski Ł, Butchart SHM, Di Marco M, Ficetola GF, Rondinini C, Symes A, et al. Toward 
quantification of the impact of 21st-century deforestation on the extinction risk of terrestrial 
vertebrates. Conservation Biology. 2016;30(5):1070-9. 
3. Hansen MC, Potapov PV, Moore R, Hancher M, Turubanova SA, Tyukavina A, et al. High-
Resolution Global Maps of 21st-Century Forest Cover Change. Science. 2013;342(6160):850-3. 
4. FAO. GLOBAL FOREST RESOURCES ASSESSMENT 2015: How are the world’s forests 
changing? Rome; 2016. 
5. Mather AS. The Forest Transition. Area. 1992;24(4):367-79. 
6. Rudel TK, Coomes OT, Moran E, Achard F, Angelsen A, Xu J, et al. Forest transitions: 
towards a global understanding of land use change. Global Environmental Change. 2005;15(1):23-31. 
7. Meyfroidt P, Lambin EF. Global Forest Transition: Prospects for an End to Deforestation. 
Annual Review of Environment and Resources. 2011;36(1):343-71. 
8. Kastner T, Erb K-H, Haberl H. Rapid growth in agricultural trade: effects on global area 
efficiency and the role of management. Environmental Research Letters. 2014;9(3):034015. 
9. Meyfroidt P, Lambin EF, Erb K-H, Hertel TW. Globalization of land use: distant drivers of 
land change and geographic displacement of land use. Current Opinion in Environmental 
Sustainability. 2013;5(5):438-44. 
10. Pfaff A, Walker R. Regional interdependence and forest “transitions”: Substitute 
deforestation limits the relevance of local reversals. Land Use Policy. 2010;27(2):119-29. 
11. Meyfroidt P, Lambin EF. Forest transition in Vietnam and displacement of deforestation 
abroad. Proceedings of the National Academy of Sciences. 2009. 
12. Meyfroidt P, Rudel TK, Lambin EF. Forest transitions, trade, and the global displacement of 
land use. Proceedings of the National Academy of Sciences. 2010;107(49):20917-22. 
13. Kastner T, Erb K-H, Nonhebel S. International wood trade and forest change: A global 
analysis. Global Environmental Change. 2011;21(3):947-56. 
14. Henders S, Persson UM, Kastner T. Trading forests: land-use change and carbon emissions 
embodied in production and exports of forest-risk commodities. Environmental Research Letters. 
2015;10(12):125012. 
15. Karstensen J, Peters GP, Andrew RM. Attribution of CO 2 emissions from Brazilian 
deforestation to consumers between 1990 and 2010. Environmental Research Letters. 
2013;8(2):024005. 
16. Lawson S. Consumer Goods and Deforestation: An Analysis of the Extent and Nature of 
Illegality in Forest Conversion for Agriculture and Timber Plantations. Washington, D.C.; 2014. 
17. Gibbs HK, Ruesch AS, Achard F, Clayton MK, Holmgren P, Ramankutty N, et al. Tropical 
forests were the primary sources of new agricultural land in the 1980s and 1990s. Proceedings of the 
National Academy of Sciences. 2010;107(38):16732-7. 
18. Heilmayr R. Conservation through intensification? The effects of plantations on natural 
forests. Ecological Economics. 2014;105:204-10. 

Page 18 of 20AUTHOR SUBMITTED MANUSCRIPT - ERL-105994.R2

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60 A

cc
ep

te
d 

M
an

us
cr

ip
t



 

19 
 

19. Nahuelhual L, Carmona A, Lara A, Echeverría C, González ME. Land-cover change to forest 
plantations: Proximate causes and implications for the landscape in south-central Chile. Landscape 
and Urban Planning. 2012;107(1):12-20. 
20. Gaveau DLA, Sheil D, Husnayaen, Salim MA, Arjasakusuma S, Ancrenaz M, et al. Rapid 
conversions and avoided deforestation: examining four decades of industrial plantation expansion in 
Borneo. Scientific Reports. 2016;6:32017. 
21. Gerber J-F. Conflicts over industrial tree plantations in the South: Who, how and why? 
Global Environmental Change. 2011;21(1):165-76. 
22. Graesser J, Aide TM, Grau HR, Ramankutty N. Cropland/pastureland dynamics and the 
slowdown of deforestation in Latin America. Environmental Research Letters. 2015;10(3):034017. 
23. Gibbs HK, Rausch L, Munger J, Schelly I, Morton DC, Noojipady P, et al. Brazil's Soy 
Moratorium. Science. 2015;347(6220):377-8. 
24. Persson UM, Henders S, Cederberg C. A method for calculating a land‐use change carbon 
footprint (LUC‐CFP) for agricultural commodities–applications to Brazilian beef and soy, Indonesian 
palm oil. Global change biology. 2014;20(11):3482-91. 
25. Petersen R, Goldman E, Harris N, Sargent S, Aksenov D, Manisha A, et al. Mapping tree 
plantations with multispectral imagery: preliminary results for seven tropical countries. World 
Resources Institute, Washington, DC. 2016. 
26. Margono BA, Potapov PV, Turubanova S, Stolle F, Hansen MC. Primary forest cover loss in 
Indonesia over 2000-2012. Nature Clim Change. 2014;4(8):730-5. 
27. FAO. FAOSTAT database. 2017. 
28. Opio C, Gerber P, Mottet A, Falcucci A, Tempio G, MacLeod M, et al. Greenhouse gas 
emissions from ruminant supply chains – A global life cycle assessment. Rome: Food and Agriculture 
Organization of the United Nations (FAO); 2013. 
29. Li W, MacBean N, Ciais P, Defourny P, Lamarche C, Bontemps S, et al. Gross and net land 
cover changes based on plant functional types derived from the annual ESA CCI land cover maps. 
Earth Syst Sci Data Discuss. 2017;2017:1-23. 
30. Produção da Extração Vegetal e da Silvicultura (PEVS) [Internet]. 2015. Available from: 
https://ww2.ibge.gov.br/home/estatistica/economia/pevs/2015/default.shtm. 
31. Produção Agrícola Municipal, Censo Agropecuário, and Pesquisa Pecuária Municipal 
[Internet]. 2018. Available from: https://sidra.ibge.gov.br/Acervo#/S/Q. 
32. Statistical yearbooks 2005 to 2015 [Internet]. 2015. Available from: 
http://www.ipef.br/estatisticas/. 
33. Republic of Indonesia Ministry of Agriculture. Agricultural Statistical Database (BDSP). 
2017. 
34. Dermawan A. Personal communication. 2017. 
35. Sonter LJ, Herrera D, Barrett DJ, Galford GL, Moran CJ, Soares-Filho BS. Mining drives 
extensive deforestation in the Brazilian Amazon. Nature Communications. 2017;8(1):1013. 
36. Seto KC, Güneralp B, Hutyra LR. Global forecasts of urban expansion to 2030 and direct 
impacts on biodiversity and carbon pools. Proceedings of the National Academy of Sciences. 
2012;109(40):16083-8. 
37. Laurance WF, Goosem M, Laurance SGW. Impacts of roads and linear clearings on tropical 
forests. Trends in Ecology & Evolution. 2009;24(12):659-69. 
38. FAO. FAOSTAT Methodology - Crops Primary. Food and Agriculture Organization of the 
United Nations (FAO); 2018. 
39. Kastner T, Kastner M, Nonhebel S. Tracing distant environmental impacts of agricultural 
products from a consumer perspective. Ecological Economics. 2011;70(6):1032-40. 
40. FAO. Technical Conversion Factors for Agricultural Commodities. 2000. 
41. Redo DJ, Grau HR, Aide TM, Clark ML. Asymmetric forest transition driven by the 
interaction of socioeconomic development and environmental heterogeneity in Central America. 
Proceedings of the National Academy of Sciences. 2012;109(23):8839-44. 
42. Hosonuma N, Herold M, Sy VD, Fries RSD, Brockhaus M, Verchot L, et al. An assessment 
of deforestation and forest degradation drivers in developing countries. Environmental Research 
Letters. 2012;7(4):044009. 

Page 19 of 20 AUTHOR SUBMITTED MANUSCRIPT - ERL-105994.R2

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60 A

cc
ep

te
d 

M
an

us
cr

ip
t

https://ww2.ibge.gov.br/home/estatistica/economia/pevs/2015/default.shtm
https://sidra.ibge.gov.br/Acervo#/S/Q
http://www.ipef.br/estatisticas/


 

20 
 

43. Kauppi PE, Sandström V, Lipponen A. Forest resources of nations in relation to human well-
being. PLOS ONE. 2018;13(5):e0196248. 
44. Austin KG, González-Roglich M, Schaffer-Smith D, Schwantes AM, Swenson JJ. Trends in 
size of tropical deforestation events signal increasing dominance of industrial-scale drivers. 
Environmental Research Letters. 2017;12(5):054009. 
45. Samberg LH, Gerber JS, Ramankutty N, Herrero M, West PC. Subnational distribution of 
average farm size and smallholder contributions to global food production. Environmental Research 
Letters. 2016;11(12):124010. 
46. Evans MC. Deforestation in Australia: drivers, trends and policy responses. Pacific 
Conservation Biology. 2016;22(2):130-50. 
47. Curtis PG, Slay CM, Harris NL, Tyukavina A, Hansen MC. Classifying drivers of global 
forest loss. Science. 2018;361(6407):1108-11. 
48. Uryu Y, Mott C, Foead N, Yulianto K, Budiman A, Takakai F, et al. Deforestation, forest 
degradation, biodiversity loss and CO2 emissions in Riau, Sumatra, Indonesia. Jakarta: WWF-
Indonesia; 2008. 
49. Carlson KM, Curran LM, Asner GP, Pittman AM, Trigg SN, Marion Adeney J. Carbon 
emissions from forest conversion by Kalimantan oil palm plantations. Nature Climate Change. 
2012;3(3):283-7. 
50. Macedo MN, DeFries RS, Morton DC, Stickler CM, Galford GL, Shimabukuro YE. 
Decoupling of deforestation and soy production in the southern Amazon during the late 2000s. 
Proceedings of the National Academy of Sciences. 2012;109(4):1341-6. 
51. Bustamante MC, Nobre C, Smeraldi R, Aguiar AD, Barioni L, Ferreira L, et al. Estimating 
greenhouse gas emissions from cattle raising in Brazil. Climatic Change. 2012;115(3-4):559-77. 
52. De Sy V, Herold M, Achard F, Beuchle R, Clevers JGPW, Lindquist E, et al. Land use 
patterns and related carbon losses following deforestation in South America. Environ Res Lett. 
2015;10(12):124004. 
53. Meyfroidt P, Roy Chowdhury R, de Bremond A, Ellis EC, Erb KH, Filatova T, et al. Middle-
range theories of land system change. Global Environmental Change. 2018;53:52-67. 
54. Lambin EF, Gibbs HK, Heilmayr R, Carlson KM, Fleck LC, Garrett RD, et al. The role of 
supply-chain initiatives in reducing deforestation. Nature Climate Change. 2018;8(2):109-16. 
55. Lambin EF, Meyfroidt P, Rueda X, Blackman A, Börner J, Cerutti PO, et al. Effectiveness 
and synergies of policy instruments for land use governance in tropical regions. Global Environmental 
Change. 2014;28:129-40. 

 

Page 20 of 20AUTHOR SUBMITTED MANUSCRIPT - ERL-105994.R2

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60 A

cc
ep

te
d 

M
an

us
cr

ip
t


